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Winter 2018 The automatic summarization of text is one of the ways to prevent

https://doi.org/10.35050/JIPM010.2018.084 the waste of users’ time. The extractive text summarization consists
of the extraction of the more important sentences with the purpose of
shortening input text while maintaining the topics covered and the
subjects discussed.

In this paper, we have tried to improve the accuracy of the extracted
summaries by combining natural language processing and text mining
techniques. By modifying the mentioned algorithms and sentence
scoring measures, accuracy is increased as compared to the previously
used techniques.

Part of speech tagging is used for calculating coefficient of words’
importance. Using this approach will in turn help us with picking the more
meaningful words and phrases that will result in better accuracy of the
system.

Graph similarity’s methods are used to select sentences. Changing weight
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